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Abstract 
Over the last quarter of a century, inflation targeting has become a 
popular monetary regime. Nevertheless, empirical evaluations of IT 
have shown contradictory results. Part of the reason is that IT in and 
of itself constitutes an endogenous decision and thus needs to be 
properly instrumented. In this paper, we show that preferences over 
inflation constitute a crucial determinant of IT: countries exhibiting 
greater inflation aversion are more likely to adopt IT.  
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Resumen 
En el último cuarto de siglo el sistema de inflación objetivo se 
ha convertido en un popular régimen monetario. Sin embargo, 
las evaluaciones empíricas del sistema IO han mostrado 
resultados contradictorios. Parte de la razón es que la adopción 
de dicho sistema es endógena y por lo tanto debe ser 
apropiadamente instrumentada. En este documento mostramos 
que las preferencias sobre la inflación son un determinante 
crucial de la adopción del sistema IO: países con una aversión a 
la inflación más alta  son más propensos a adoptar dicho 
sistema. 
Palabras clave: Sistema de Inflación Objetivo, Política Monetaria, Regímenes Monetarios. 
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1. Introduction 
Close to 30 countries have adopted inflation targeting over the last quarter of a century. 
Along with the adoption of the Euro, inflation targeting has been the headline of monetary 
policy regimes during this period of time. A large theoretical literature and many empirical 
papers evaluating related outcomes have accompanied the process.  
While a large part of the theoretical literature claims that a number of benefits are associated 
with IT (e.g., Svensson 2010), opinions vary widely at the empirical level. On the one hand, 
some papers are very optimistic regarding IT’s performance. For instance, Mishkin and 
Schmidt-Hebbel (2007), conclude that “[i]nflation targeting seems to help countries achieve 
lower inflation in the long run, reduce their response to oil price and exchange rate shocks, 
strengthen monetary policy independence, improve monetary policy efficiency, and obtain 
inflation outcomes that are closer to target levels. (…) Inflation targeting thus seems to be the 
natural monetary regime choice, especially for emerging market economies, where the gains 
from inflation targeting are found to be the largest.”  
On the other hand, other papers hold more skeptical views. For instance, Ball (2010), 
studying the performance of those advanced economies that either adopted IT or joined the 
Euro, concludes that “neither of the two regimes has substantially changed the behavior of 
output, inflation or long-term interest rates.” Likewise, for developing countries, Brito and 
Bystedt (2010) find “no evidence that inflation targeting (…) improves economic performance 
as measured by the behavior of inflation and output growth.”  
Part of what makes an empirical evaluation of IT so difficult is that the adoption of IT is in 
itself an endogenous decision. Several papers in the literature acknowledge this, and try to 
address the issue in a variety of (too often unsatisfactory) ways.  Thus, for example, in 
discussing Mishkin and Schmidt-Hebbel’s results, Ball (2010) argues that their “results are 
not credible, however, because of the instrument they use for the IT dummy: the lagged IT 
dummy.” ʹ

A serious debate about the real impact of IT on macroeconomic performance needs to discuss 
the determinants of IT. This paper addresses this issue. To be clear, this is not another paper 
evaluating the merits of IT; rather, we take a step back and look at the determinants 
underlying the decision to adopt IT. We propose that the adoption of IT depends, among 
other things, on a country’s preferences with respect to inflation. Our conjecture is that, other 
things being equal, countries with a greater aversion to inflation will more likely adopt IT 
regimes.  
The literature dealing with the endogeneity of IT has instrumented IT using a variety of 
variables beyond the one noted above; among these are past inflation, Central Bank 
independence, fiscal variables and openness. For instance, Gonçalves and Carvalho (2008) 
run a probit model to instrument for IT, using two determinants of it—inflation and the ratio 
of debt to GDP. According to them, a country with high inflation and searching for credibility 
is more likely to implement IT. As for debt, they see two opposing effects. First, countries 
with high debt prefer to stay away from IT, so as to keep open the possibility of using 
seignorage to pay debt. On the other hand, they claim that IT–via credibility—could 
potentially lower real interest rates, thus making the debt burden lighter; the latter effect 
suggests a positive link between debt and the likelihood of adopting IT. They find that 
countries with higher average past inflation and lower debt levels are more likely to adopt IT. 
Mishkin and Schmitt-Hebbel (2001) also find that inflation positively affects the likelihood of 
having an IT regime. They find that countries that trade more or have a lower fiscal surplus 
are more likely to adopt IT. According to them, formal Central Bank independence is also 
positively associated with the likelihood of adopting IT. 
In our paper, we test whether inflation aversion along with the other variables proposed in 
the literature explain the probability of a country adopting IT. We measure inflation aversion 
by estimating the impact of inflation on life satisfaction, using empirical specifications 
inspired, for instance, by Di Tella et al. (2001) or Wolfers (2003). We then estimate whether 
or not the probability of adopting IT depends on inflation aversion. We indeed find evidence ͵

supporting our conjecture. Our results suggest that the monetary institutions and regimes of 
a country have deep roots—that is, a country’s preference with regards to inflation. In our 
results, we also show that while inflation aversion is a statistically relevant variable to explain 
the IT adoption—even when controlling for the other variables—most of them are irrelevant 
or not robust once inflation aversion enters the regressions.  
The results have an obvious application. The growing literature evaluating the impact of IT 
on macroeconomic performance could use measures of inflation aversion to instrument for 
IT. Beyond this straightforward application, the large literature evaluating how different 
institutions affect economic outcomes—themselves often facing endogeneity problems—
could utilize such measures of preferences as instruments. 
In the context of the paper, a natural question that arises is: what shapes the preferences over 
inflation? While answering this question is not the main objective of this paper, we do 
nonetheless end up addressing it, and come up with interesting results. Countries that have 
not experienced an inflation crisis over the last 30 years exhibit an inflation aversion that 
increases with past average inflation rates. Having experienced an inflation crisis episode 
makes average past inflation rates irrelevant.  
The remainder of the paper is organized as follows. Section 2 describes our empirical 
strategy; section 3 describes the data; and section 4 reports and interprets the results. In 
section 5, we describe several robustness tests and extensions. Section 6 concludes.  
2. The Empirical Model 
Our main conjecture is that the adoption of inflation targeting depends, among other things, 
on the level of inflation aversion in a country. Countries with high levels of inflation aversion 
should adopt institutions designed to fight inflation.  Thus, our first task is to estimate the 
degree of inflation aversion. For this, we follow a strategy inspired by Di Tella et al. (2001). In 
their seminal paper, Di Tella et al. (2001) show that inflation and unemployment negatively 
affect self-reported life satisfaction measures. The coefficient linking life satisfaction to Ͷ

inflation can be interpreted as a measure of the degree of inflation aversion present in the 
data. We then use the inflation aversion estimates to assess their role as potential 
determinants of the probability of a country adopting IT. 
Thus, our empirical strategy has three stages: 
a. Estimate country-year measures of Life Satisfaction;   
b. Estimate the inflation aversion of countries—that is, the effect of inflation on Life 
Satisfaction measures. At this point, we also estimate the determinants of inflation 
aversion; and 
c. Estimate the role of inflation aversion and other variables in explaining the 
probability of a country adopting Inflation Targeting. 
a. Life Satisfaction measures. The first stage focuses on obtaining Life Satisfaction measures. 
Following Wolfers (2003), we use three measures of Life Satisfaction. The surveys (described 
in detail in the next section) include the question we are most interested in: “In general 
terms, would you say that you are satisfied with your life? Would you say that you are: very 
satisfied, fairly satisfied, not very satisfied, or not at all satisfied?” We code the answers to the 
question as follows: 1 = “not at all satisfied”; 2 = “not very satisfied”; 3 = “fairly satisfied”; and 
4 = “very satisfied”.” For each country-year, we compute the following three life satisfaction 
measures.  
x LS1: The simple average of life satisfaction across individuals for each country- year.  
x LS2: Following Wolfers (2003) and Stevenson and Wolfers (2008), we run an ordered 
probit regression on a full set of dummy variables for each country-year. LS2 is the 
corresponding fixed effect of the ordered probit.  
x LS3: This measure is computed in exactly the same way as LS2, but includes micro 
controls in the ordered probit regressions. In other words, the country-year average 
satisfaction levels control for the characteristics of the persons interviewed, such as 
income proxies, marital status, age, employment, education, and so forth.  
With these three LS estimates, we proceed to estimate the inflation aversion of each country. ͷ

b. Inflation aversion. For the baseline case, we estimate the following regression for each 
country i in our sample and for each LS measure j:
LSijt = cij — ǄijȺit + eijt     ( 1 )  
where LSijt is the j measure of Life Satisfaction for country i and year t, cij is a constant,  Ⱥit  is
the inflation rate, and eijt is the error term.  Our parameter of interest, Ǆ, reports the effect of 
changes in inflation on LS. Note that we have chosen a specification where Ǆ is preceded by a 
negative sign. This is convenient for interpretation purposes. This way, increases in Ǆ can be 
interpreted as increases in inflation aversion. We estimate a single constant inflation aversion 
for each country—in other words, inflation aversion will vary across countries but will remain 
constant within each of them over time. As explained in the next section, our dataset does not 
go back in time far enough such that we might attempt to estimate time varying inflation 
aversion coefficients. This remains an interesting task for future research.  
c. The determinants of IT. As for the third stage, we are interested in understanding whether 
the probability of a country adopting IT depends on the inflation aversion estimated in the 
second stage. In particular, for each LS measure, we estimate the following linear probability 
model: 
ITi = c + ǃ1ߛ ොi + ǃ2Xi + ui           ( 2 )  
where ITi takes the value of 1 if country i currently has an inflation targeting regime and zero  
if otherwise, c is a constant, and ߛ ොi is the country specific inflation aversion parameter 
estimated in the second stage. Xi is a vector of variables proposed by other papers in the 
literature as determinants of inflation targeting. They include per capita GDP, the ratio of 
debt to GDP, inflation, openness and Central Bank Independence, among others. In our 
baseline estimations, each of these variables enter the regression as five year averages prior 
to the IT adoption date if the country is using IT, or to the average IT adoption date if it is not 
using it. Finally, ui is the error term.  ͸

A few technical notes are necessary at this point. First, note that we chose to estimate 
equation (2) as a linear model, rather than using nonlinear models such as a probit. The 
reason for this is that we implement several econometric models that are simpler in their 
linear setups. Having said that, although we do not report the results here, the main 
conclusions in the paper remain solid if we estimate equation (2) using a probit.1
On the other hand, in equation (2), ߛ ොi is an estimated variable. It comes from the set of 
regressions in equation 1. For some countries, ߛ ොi might be estimated with precision; in others 
it might not. In order to assess the statistical significance of ǃ1, we need to take this fact into 
account. We follow the EIV methodology implemented in Gawande (1997) and Gawande and 
Bandyopadhyay (2000), and first proposed by Fuller (1987). There, the estimated variable 
(which is ߛ ොi in our case) is measured with error and the model is estimated with the 
observations weighted according to the accuracy with which they were initially measured. 
Imprecise estimates in (1) (in terms of the associated variance) are corrected by reducing the 
relevance of the individual estimate while giving greater importance to the mean of the 
sample estimates. The details are provided in the appendix.  
Finally, in equation (2), the true model—that is, the correct combination of the list of 
determinants—is unknown. We report several small-scale models (OLS or EIV) in order to 
highlight the role of inflation aversion when combined with the traditional determinants. To 
assess the robustness of the findings, we also report the Bayesian Model Averaging (BMA) 
results. This strategy allows us to determine whether or not our findings are robust once the 
determinants are included in all possible combinations. As in Abiad et al., (2009), when 
using BMA, we report the average coefficient and the probability that each variable is 
statistically effective. As discussed in Abiad et al., (2009), with BMA, a variable is effective if 
its estimated inclusion probability is greater than 50 percent. 

1 The results are available from the authors upon request. ͹
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3. Data  
Countries: One obvious constraint in the macro literature dealing with Life Satisfaction data 
is the availability of long-time series of cross-country comparable surveys. In the literature, 
many of the papers working with Life Satisfaction surveys rely on the Eurobarometer, which 
contains data from 16 European countries and surveys going back to the early-70s. For our 
purposes though, the European countries are problematic, in that many of them adopted the 
Euro in 1999. In connection with this, there is (almost) no point in estimating the probability 
of a country adopting IT. Thus, we focus on data from Latin American countries, using the 
sample of countries with Life Satisfaction surveys, found in the Latinobarometro. The 
countries surveyed in the Latinobarometro, 17 in total, are Brazil, Bolivia, Colombia, 
Argentina, Mexico, Paraguay, Uruguay, Panama, Ecuador, Peru, El Salvador, Nicaragua, 
Honduras, Costa Rica, Chile, Guatemala and Venezuela. The IT adoption dates are taken 
from Svensson (2010).  
Self reported Wellbeing: For these 17 countries, the Latinobarometro, an annual survey 
performed since 1995, has data on self-reported wellbeing. The question of interest, 
described in the previous section, is available for the years 1997 and 2000-2007.2 This gives 
us 153 country-year observations. Altogether, 157.453 persons were interviewed for these 
country-years. Table A1 in the appendix summarizes the number of observations per country-
year available in the sample. 
Inflation:  The data used to compute inflation aversion coefficients comes from the WDI and 
correspond to the annual change in the Consumer Price Index (CPI).  
Controls:  Controls in the third stage of the model include GDP per capita (in constant 2000 
US$), trade as a percentage of GDP, inflation, Central Bank independence, government debt, 







Trade corresponds to the sum of total exports and imports as a percentage of GDP. The 
Central Bank independence index is the Modified Cukierman Index—a weighted average of 
18 criteria of Central Bank political and economic independence, using a continuous scale 
from 0 to 1. Higher numbers are associated with higher levels of independence. For more 
information on the index, see Jácome and Vásquez (2005). The data on government debt 
comes from Panizza (2005), who gathered debt data for 89 countries for the period 1993-
2005. Debt equals central government debt as a percentage of GDP. Fiscal balance data 
comes from the IFS, as improved by Brender and Drazen (2004), and is reported as a 
percentage of GDP with negative numbers corresponding to fiscal deficits. The fiscal balance 
for Guatemala was taken directly from the IFS.  
Results 
a.  LS  measures:  The first stage focuses on the estimation of three country-year life 
satisfaction measures. To describe the results of the estimation, we provide descriptive 
statistics of the three LS measures in Table 1 and depict their evolution over time in Figure 1. 
Note that the table includes the correlations between the different measures of LS; consistent 
with the literature, the measures are highly correlated.  
Table 1. Summary statistics for LS. 
LS1 LS2 LS3
LS1 ͳͷ͵ ʹǡͺʹ Ͳǡ͵͸ ͵ǡͶ͸ ͳǡ͹ʹ ͳ
LS2 ͳͷ͵ Ͳǡͺͷ ͲǡͶ͸ ͳǡ͹ͳ ǦͲǡͷ͸ Ͳǡͻͻͻ ͳ






Figure 1: LS measures by country and their evolution over time 
As explained in section 2, LS3 is based on a regression of the responses people gave to the 
question regarding how satisfied they were, against micro controls and country-year 
dummies. The results of this regression are reported in Table 2. They are consistent with 
similar regressions reported in the literature. For instance, LS grows with income (proxies) 
and is greater for married people; being unemployed has a large adverse impact on self-
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Table 2. LS3 and micro controls 
b. Inflation aversion: In the second stage, we estimate the respective inflation aversion for 
each LS measure and each country. Before that, we first report the regression results in a 
pooled sample for each measure of LS on inflation, a constant, and time and country 










































in the literature—claiming that inflation negatively affects Life satisfactions indices—holds in 
the pooled sample. The results are reported in Table 3.3
The sign on inflation is negative—that is, higher inflation rates cause LS outcomes to 
deteriorate.4 The coefficient is significant for all specifications. Consequently, our results are 
comparable to those obtained elsewhere in the literature.  
Table 3. Life Satisfaction and Inflation in LAC. 
As for the country specific regressions of LSi and inflation, we report the ߛ ොi’s (that is, the 
inflation aversion coefficients), as well as the summary statistics in Table 4. At the bottom of 
the same table, we also report the correlations between the three different sets of inflation 
aversion coefficients. Two results in particular are worth noting. First, the average ߛ ො’s are 
higher for those countries that adopted IT; in fact, the differences are statistically significant.
This preliminary result suggests that, indeed, IT countries are more inflation averse. A 
second interesting result is that the ߛ ො’s obtained with the different LS measures are highly 
correlated.  

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Table 4. The ࢽ ෝ’s for each LS measure.
As mentioned in the introduction, at this point, a natural question that arises is: what 
determines inflation aversion?5 While one could come up with many alternatives to explain 
this variable, we focus here on those variables related to past inflation. Why is this? 
Conventional wisdom has regarded the Bundesbank as a classic inflation hawk. Some 
economists trace these anti-inflationary preferences to the infamous hyper-inflation of 1923. 
Along a similar line, we test here whether past inflation experiences shape current inflation 
preferences. In order to do this, we built two variables: the one, a measure of past average 

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
inflation computed as a geometric average; the other, an inflation crisis dummy that takes the 
value of 1 if, in the past, the country experienced an inflation crisis as defined by Bruno and 
Easterly (1998)—that is, if it experienced at least two consecutive years of annual inflation 
greater than 40%. Otherwise, the dummy takes the value of 0. We built these two variables 
for three different time frames, 1970-2000, 1980-2000 and 1990 to 2000.  We then use them 
to evaluate whether the inflation history over the last three-, two- and one decade(s) has 
shaped preferences with regards to inflation. The results with ߛ ො 1 as the dependent variable 
are reported in Table 5. 
Table 5. Determinants of Inflation Aversion 
We get interesting results. Countries that have not experienced an inflation crisis over the last 
30 years exhibit an inflation aversion that increases with past average inflation rates. Having 
experienced an inflation crisis episode implies a higher level of inflation aversion and makes 
average past inflation rates irrelevant. Take for instance the top left panel. Note that while 
inflation is significant, so is the interaction, which gives us the opposite sign and a virtually 
identical coefficient. That means that once the dummy takes the value of 1, average inflation 
does not affect inflation preferences. The point is emphasized in Figure 2, which depicts the 
preferences on the vertical axis and the inflation rate on the horizontal axis. Note that 
TimeWindowforCrisisDummy: 1970Ǧ2000 1980Ǧ2000 1990Ǧ2000
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countries without a past inflation crisis exhibit lower levels of inflation aversion than those 
that experienced one; for them though, a higher level of average inflation goes hand in hand 
with an increase in inflation aversion.  
 While further exploring the determinants of inflation aversion is beyond the scope of the 
paper, these results seem consistent with the conventional wisdom based on the German 
case. Future research should shed more light on this interesting issue and test the robustness 
of these initial findings with other samples.  
Figure 2. The effects of past inflation on inflation aversion 
c. The determinants of IT. Using the results discussed above, we next estimate the 
determinants of IT, as suggested by equation (2). For this, we build a dummy variable 
whereby a country has a value of 1 if it currently has an IT regime, and otherwise a value of 
zero. In our baseline estimations, we assess whether this variable can be explained by the 
inflation aversion as well as the other controls proposed in the literature. Whenever we 
include controls as determinants of IT, we use their 5 year average prior to IT adoption. For 
those countries not using IT, following the tradition started by Ball and Sheridan (2005), we 
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
list of controls (other than that for inflation aversion) includes GDP per capita, inflation, 
Central Bank independence, fiscal balance, debt/GDP and trade/GDP.  
In the baseline estimates, we concentrate on those LA countries that have their own 
currency—that is, non-dollarized countries. The reason for this is that if a country is 
dollarized, there is (almost) no room for choosing an alternative monetary regime such as 
IT.6 Later, in the robustness section, we further explore this point.  
As discussed above, the inflation aversion is an estimated variable, one that can be measured 
with more precision for some countries than for others. We split the results in this section 
into two broad parts. We first report the results of the OLS and BMA estimations, wherein we 
ignore the issue regarding the potential imprecision in the inflation aversion estimates; we 
then report the results wherein this issue is addressed, using the EIV technique.  
As discussed in the appendix, where we describe the EIV procedure in detail, the estimates 
obtained using this method are sample dependent. For example, the EIV estimate of inflation 
aversion for Peru depends on whether or not we include Panama in the estimations. 
Notwithstanding how many countries we use in the final stage of the empirical model, the 
EIV inflation aversion estimates throughout the paper are built using the whole sample—that 
is, all 17 LAC countries. This yields cleaner results for two reasons. On the one hand, the 
inflation aversion estimates remain constant across specifications. On the other hand, those 
countries not included in equation (2) still provide relevant information on the relative 
precision of inflation aversion estimates. Having said that, the main results are robust if we 
restrict the EIV estimate for inflation aversion to the sample of countries used in the 
regressions exploring IT determinants.7   
OLS - BMA results 
In tables 6, 7 and 8, we OLS and BMA results. Each table reports the results with the 





each table, columns 1 through 7 report the OLS regressions of the IT dummy for inflation 
aversion, a constant and an additional control, included one at a time. Column 8 then reports 
the average coefficient according to the BMA, along with the estimated probability of 
inclusion. 
Table 6: The Determinants of IT using Ǆ1: OLS and BMA.
Table 7: The Determinants of IT using Ǆ2: OLS and BMA.

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Table 8: The Determinants of IT using Ǆ3: OLS and BMA. 

The OLS results–columns 1 through 7 in all three tables—show that no matter what we 
control for, inflation aversion always has a significant and positive coefficient across the 
estimations. The economic importance of the coefficient is large. For instance, the smallest 
point estimate in Table 8 (column 6) implies that moving from a country with a low inflation 
aversion such as Argentina to a country with a high inflation aversion such as Chile increases 
the probability of the country adopting IT by 62%.8 The BMA results also suggest that 
inflation aversion is an effective variable for predicting IT adoption. 
As for the alternative determinants proposed in the literature, the OLS small-scale-models 
show disappointing results. Indeed, only inflation has statistical relevance. The sign is 
positive—that is, those countries that had a higher past inflation rate are more prone to adopt 
IT. This result is in line with other papers in the literature (for example, Ball and Sheridan, 
2005).  
The BMA results again suggest a role for inflation. This time though, debt also appears as a 
(borderline) effective variable.  The sign—consistent with Goncalves and Salles—is negative, 
suggesting that countries with a lower initial debt ratio are more prone to adopt IT. The 

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economic relevance is rather small when compared with the role of inflation aversion. For 
instance, moving from a high debt ratio country (Honduras, 82%) to a low debt ratio country 
(Chile, 17%) “only” increase the likelihood of adopting IT by 13%.   
EIV and BMA results  
The results reported so far have ignored the fact that inflation aversion—a regressor in 
equation (2)—is an estimated variable, that is, a variable potentially measured with error. As 
explained above and further detailed in the appendix, here we take this fact into account by 
adopting an error-in-variable (EIV) strategy, whereby the observation in equation (2) is 
weighted according to the precision with which it was originally estimated in equation (1). 
Based on this correction, we re-estimate the regressions reported in the previous subsection, 
and report the results in tables 9, 10 and 11.

Table 9: Determinants of IT using Ǆ1: EIV and BMA. 
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Table 10: Determinants of IT using Ǆ2: EIV and BMA. 
Table 11: Determinants of IT using Ǆ3: EIV and BMA. 
Inflation aversion retains a positive sign across specifications; countries averse to inflation to 
a greater extent are more likely to adopt IT. For the small-scale models, the statistical 
significance of inflation aversion is now more erratic than in the OLS case. With EIV in the 
small-scale models, the statistical relevance appears to depend on the controls included in 
the regression. Nevertheless, the BMA results (combined with EIV) show that inflation 
aversion is an effective variable. The probability of inclusion once all possible combinations 
are tried is above 90% for each of the three measures of inflation aversion. As for economic 
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relevance, the figures are still sizeable. For instance, the BMA average coefficient in Table 11 
(3,1) implies that moving from a low inflation aversion country (Argentina) to a high inflation 
aversion country (Chile) increases the probability of adopting IT by 48%.  
As for the rest of the variables, we obtain the same signs as in the OLS cases. Nevertheless, 
whereas this time inflation loses its statistical relevance, trade becomes statistically and 
economically important; more open countries are less likely to adopt IT. Nevertheless, in the 
robustness section, we show that this result may be spurious. Indeed, what it is capturing is 
the fact that most countries in LA that have adopted IT are large countries, and therefore 
tend to have a lower trade to GDP ratio. If one controls for the size of the country, trade 
becomes statistically irrelevant. Debt still has a negative sign and the BMA estimations 
suggest that it is again an effective variable.  
Summing up, inflation aversion is a relevant variable both in the OLS/BMA case as well as in 
the EIV/BMA estimations. As for the rest of the variables, in both cases, debt is a (borderline) 
effective variable. It is worth pointing out though that in the small-scale models, debt is not 
statistically significant once we control for inflation aversion. Inflation only seems relevant in 
the OLS estimations, and trade is only important in the EIV case. In the next section, we 
further explore the robustness of these findings.  
4. Robustness and discussion  
a. High inflation in equation (1): When estimating country-specific inflation aversion 
coefficients following equation (1), we run LS measures against the inflation rate prevailing in 
the country for each year in which we have LS. For the 17 Latin American countries with LS 
information for those years, the average inflation rate is 8.5%, with a standard deviation of 
5.8. During the period in question, two of the countries in the sample have average inflation 
rates above 20.1%—that is, beyond the two standard deviations. These are Ecuador and 
Venezuela, which have average inflation rates of 21.78 and 22.5, respectively. In the baseline 
cases, Ecuador is left out of the third stage, given that it is a dollarized economy (we will 
return to that shortly); Venezuela was though part of the estimations. ʹͳ

Here we test whether our results are robust if we exclude Venezuela when estimating 
equation (2). The results are reported in the first three columns of tables 12 and 13. The 
results are virtually identical to those discussed in the previous sections. Inflation aversion 
remains robustly relevant, while trade, debt and inflation are still important, but only for 
some specifications.  
Table 12: Determinants of IT: BMA with OLS. 
Table 13: Determinants of IT: BMA with EIV. 
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b. Dollarized countries: Over the last decade, two countries in Latin America have 
dollarized, Ecuador and El Salvador. The two processes were very different; while Ecuador 
turned to dollarization in a desperate effort to stabilize its economy during a period of 
economic and political turmoil, El Salvador decided to give up monetary autonomy during a 
tranquil period, based on the argument that economic ties with the US (through trade and 
remittances) were strong enough to make such a move desirable.9
In our baseline estimation of equation (2) in the previous section, we left both countries out 
of the sample. Here we incorporate them into the estimation. We code dollarized countries as 
non-IT—that is, the regressions should now be interpreted as the determinants of whether a 
country adopts IT over all other monetary regimes. The BMA estimates are reported in the 
central columns of tables 12 and 13.   
In Table 12, the results are virtually unchanged relative to those in the previous section. In 
Table 13, the estimated probability of inclusion of trade and inflation aversion drops 
marginally below 50%. A deeper look at the numbers reveals the reasons for this result. 
Recall that the difference between tables 12 and 13 is that the latter corrects for the potential 
errors in the estimates of inflation aversion. Including Ecuador in the estimation means 
including a country that had inflation rates close to 100% for the years we use to estimate 
inflation aversion. Thus, in Ecuador, the coefficients linking LS and inflation are out of line 
(in absolute terms) relative to the rest of the countries in our sample. EIV actually reinforces 
the problem, as in absolute terms, the estimated EIV inflation aversion for this country is 
18 times greater than the mean of the estimates for the rest of the countries; the inclusion of 
Ecuador thus affects the probability of the inclusion of inflation aversion in the BMA 
estimates (see the appendix for more details). In order to address this point, the last three 
columns in tables 12 and 13report the same results as those in columns 4 through 6, only 
dropping Ecuador. Now, even in the EIV case, we obtain the same kind of result as those for 





c. High inflation in equation (2). We already dealt with the potential inflation outliers 
when estimating equation (1), which involved the years 1997 and 2000-2007.  Now, when 
estimating equation (2)—that is, the determinants of IT—inflation becomes an explanatory 
variable. In particular, all controls (including that for inflation) are averages of the five years 
prior to adopting IT for IT nations, or to the average IT adoption date for non-IT countries. 
In the case of Brazil, the five-year window preceding IT adoption includes 1994, when 
inflation reached 2075%. As a result, the five-year average inflation rate for Brazil is almost 
four standard deviations above the mean of the variable across countries. Here, we reevaluate 
the role played by inflation by considering three years instead of five when computing the 
average inflation preceding IT. This way, we omit the inflation crisis in Brazil from the 
regression. The results are reported in Table 14. 
Table 14: Determinants of IT: 3 year average inflation 
The results in terms of inflation aversion are virtually unchanged. As for the role of inflation 
itself, once we correct for the outlier in Brazil, the coefficient for inflation is negative. 
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Nevertheless, the statistical relevance is weak. The small-scale models reveal no statistical 
relevance. The BMA results reveal that inflation is effective, but for only one out of six 
specifications. 
d. Trade and IT: a spurious relationship? As explained above, several specifications 
suggest a relevant role for trade (as a percentage of GDP) in explaining the likelihood of a 
country adopting IT. The obtained sign means that less open countries are more likely to 
adopt IT. Here, we explore whether the result is spurious in the following sense. Five of the 
six countries currently using IT in LA are large countries (Brazil, Mexico, Colombia, Chile 
and Peru). Being large countries, they tend to have large domestic markets; correspondingly, 
trade makes up a smaller percentage of GDP. If this is the reason why trade appears as 
significant, then there are no interesting economic channels to explore by which we might 
understand the result; rather, it would be a spurious or mechanical outcome.
To explore the issue, we run small-scale models with EIV (where trade appeared as a 
significant variable), adding country size (in thousands of sq meters) as a regressor. In Table 
15, and for each LS measure, we show under column (1) the regressions reported earlier with 
inflation aversion and trade as regressors; under column (2) we add size to the specification; 
in column (3), we omit trade.  
Table 15: Determinants of IT: The role of country size 
Three results emerge. First, inflation aversion remains significant for all cases. Second, if 
trade and size are included simultaneously, neither is statistically relevant. Finally, size—
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when included without trade—is significant. The corresponding sign suggests that larger 
countries are more likely to adopt IT. In other words, we find evidence consistent with the 
mechanical interpretation regarding the significance of trade in determining the likelihood of 
a country adopting IT. We should point out that the fact that the evidence is consistent with 
the mechanical interpretation does not prove that trade is irrelevant. It could be the case that 
under column (2), neither trade nor size are significant due to a collinearity problem. 
Nevertheless, in our view, the fact that trade is not significant for the OLS estimations, 
together with the evidence in Table 15 casts serious doubts on the relevance of trade as a 
determinant of IT.   
5. Conclusions and discussion 
Inflation targeting has become a popular monetary regime over the last quarter of a century. 
Nevertheless, the empirical evaluations of IT show contradictory results. Part of the reason 
for this is that IT is in itself an endogenous decision, and thus should be properly 
instrumented. In this paper, we show that the preferences over inflation are a crucial 
determinant of IT. Countries that exhibit greater inflation aversion are more likely to adopt 
IT. The result holds even when controlling for variables that the literature has proposed as 
determinants of IT adoption, such as inflation, fiscal performance, Central Bank 
independence and openness. As a matter of fact, inflation aversion is the only variable in our 
regressions that remains significant across specifications and empirical strategies. 
This result has a straightforward application. The growing literature evaluating the impact of 
IT on macroeconomic performance could use measures of inflation aversion to instrument 
for IT. Beyond this straightforward application, the vast literature evaluating how different 
institutions affect economic outcomes—themselves often facing endogeneity problems—
could evaluate, on a case by case basis, whether the institutions can be instrumented with a 
measure of the preferences that people might have for them.  
One assumption we have used throughout the paper is that preferences have remained stable 
over time and are exogenous (to the IT regime). Future research should shed more light on ʹ͸

the extent to which those assumptions are reasonable. The stability of inflation aversion 
seems reasonable in our case, given that we are using a relatively short span of time. As for 
the exogeneity of preferences, one could make the intuitive argument that IT can affect 
inflation preferences. Indeed, IT Central Banks have sophisticated communication plans for 
their strategies and goals. It is conceivable that these strategies might have taught the 
population that inflation is to be feared and avoided. Future research–with longer series of 
LS surveys—should shed some light on this issue.  ʹ͹

Appendix 
Table A1. Number of valid observations per year, Latinobarometro. 
EIV estimates: 
We follow closely the work of Gawande (1997) and Gawande and Bandyopadhyay (2000), 
based on the methods proposed by Fuller (1987).  
Let ߛ௜denote the estimated inflation aversion coefficient for country i which emerges from 
equation 1. We model ߛ௜ according to  
ߛ௜ ൌߚ ௜ ൅ݑ ௜                                                                   (A1) 
where ߚ௜ is the true unobserved inflation aversion and ݑ௜ is the measurement error with E(ݑ௜)
= 0 and known variance ߪ௨ǡ௜
ଶ . Because ߚ௜ is assumed to be constant, ܸܽݎሺߛ௜ሻൌܸ ܽ ݎ ሺݑ௜ሻ ൌߪ ௨ǡ௜
ଶ ,
so that ߪ௨ǡ௜ equals the standard error obtained in the country-specific estimation of ߛ௜. The 
EIV correction proposed by Fuller (1987) consists in replacing ߛ௜ in the second stage 
(equation 2) by the prediction  ߛ ො௜ of  ߚ௜ constructed in the following fashion. Let ߪ തఊ
ଶ denote the 
sample variance of the ߛ௜’s, ߪ ത௨
ଶ the sample mean of the measurement errors ߪ௨ǡ௜
ଶ ǡ and ߛҧ the 
mean of the estimated inflation aversion coefficients. Finally, let ߪ ොఉ
ଶ ൌߪ തఊ
ଶ െߪ ത௨
ଶ Ǥ  High values 
1997 2000 2001 2002 2003 2004 2005 2006 2007
Argentina ͻͺͻ ͳͳͲ͵ ͳͲ͸ͺ ͳͲͶͻ ͳͳͶʹ ͳͳ͵͵ ͳͲͻͲ ͳͳͷͲ ͳͳ͵͸
Bolivia ͹ͳͶ ͻͺͺ ͻ͹ͳ ͳͳͺͶ ͳͳ͹ͺ ͳͳͷ͵ ͳͳʹͺ ͳͳͳʹ ͳͳͶͷ
Brazil ͻ͹ͳ ͻ͹͸ ͻͺͻ ͻͻͳ ͳͳͺͲ ͳͳ͹Ͷ ͳͳͺ͸ ͳͳͺͶ ͳͳͻͲ
Colombia ͳͳͳͲ ͳͳ͸Ͷ ͳͳͺͳ ͳͳ͸ͺ ͳͳ͹͵ ͳͳͷ͵ ͳͳ͸͸ ͳͳ͹Ͳ ͳͳ͹ʹ
Costa_Rica ͺͳ͸ ͺͳʹ ͻ͹Ͷ ͻͻ͹ ͻ͹͹ ͳͲͲͲ ͻͺͳ ͺͻʹ ͻͲ͵
Chile ͳͳͲʹ ͳͳ͵͹ ͳͳʹͷ ͳͳͷ͹ ͳͳͷͻ ͳͳͷ͵ ͳͳʹ͵ ͳͳͷͲ ͳͳͶ͸
Ecuador ͳͳʹͷ ͳͳ͹ͳ ͳͳͲʹ ͳͳ͵͹ ͳͳͺ͵ ͳͳͺͳ ͳͳͷʹ ͳͳͻͷ ͳͳͻʹ
ElSalvador ͹ͳͶ ͻ͵͹ ͻ͹Ͷ ͻ͹͵ ͻͻͺ ͻͻͻ ͻͻͻ ͻͺͻ ͻͲͲ
Guatemala ͵ͷ͵ ͺͳͷ ͻ͹Ͳ ͻͳͶ ͻͺ͸ ͳͲͲͲ ͻ͹͸ ͺ͹Ͳ ͺ͵͵
Honduras ͺ͸ͻ ͻͷͳ ͻ͹ͻ ͻͷͳ ͻͺͺ ͳͲͲͲ ͻͻʹ ͺ͸ͷ ͸͹ʹ
Mexico ͳͲͳͶ ͳͳʹͺ ͳͳͺ͵ ͳͳ͹ͳ ͳͳͷͲ ͳͳ͸Ͷ ͳͳ͵ͷ ͳͳͶͶ ͳͳͷͶ
Nicaragua ͺͶͻ ͺ͵ʹ ͻͺ͹ ͺͳͺ ͻͻͲ ͻͺͺ ͻͺͳ ͻͲͻ ͻͷ͹
Panama ͹͹ʹ ͻͷ͵ ͻ͸ͷ ͻ͸ͷ ͻͷͷ ͻͻʹ ͻͺͳ ͻ͸͵ ͻͲͺ
Paraguay ͷͳͲ ͷ͸ͷ ͷ͹ͷ ͷ͹͸ ͷ͹͹ ͷͺ͸ ͳͳͷͷ ͳͳͳͶ ͳͳͳͳ
Peru ͺͺͲ ͻͷ͹ ͻͷͷ ͳͳͷͲ ͳͳ͸͸ ͳͳ͸͵ ͳͳ͸ͷ ͳͳͷʹ ͳͳ͸ͷ
Uruguay ͳͳͲ͸ ͳͳͷͻ ͳͳͺʹ ͳͳͷͻ ͳͳͶͲ ͳͳ͵Ͷ ͳͳ͸͸ ͳͳ͸͵ ͳͳ͵͹





ଶ indicate that the sample variance is large in relation to the average measurement error 
of the ߚ௜’s. The predictor of ߚ௜for country i is given by: 








మ ߛ௜                                                       (A2) 
If ߪ௨ǡ௜
ଶ  equals ߪ ොఉ
ଶ, ߚ௜ is presumed to be measured without error. Relative to the individual 
measurement error, the larger the difference between the sample variance of the ߛ௜’s and the 
mean measurement error, the larger the relevance of the individual estimation ߛ௜ in the 
construction of the predictor ߛ ො௜ of ߚ௜.  For a given ߪ ොఉ
ଶ,  large values of  ߪ௨ǡ௜
ଶ  reduce the 
relevance of the individual estimate ߛ௜ while giving more importance to the sample mean ߛҧ.
In other words, imprecise estimates of ߚ௜ are corrected by reducing the relevance of the 
individual estimate while giving importance to the mean of the sample estimates. 
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